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UWN/MENTA

multilingual extension of WordNet for
word senses and taxonomical information over 200 languages
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Implicative Commitments

Netflix admitted that 
they had developed

a prototype.

VSoft pretended that 
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Did they
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prototype?
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de Melo & de Paiva (2014)
based on
Lauri Kartunnen's work
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It is confusing that
Apple has acquired 

the technology.

It is unlikely that
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Have they
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?

de Melo &
de Paiva 2014
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Word Embeddings

Joint Training

Jiaqiang Chen and Gerard de Melo 2015
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at NAACL 2015
Vector Space

Modeling Workshop
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Multilingual Word Vectors

Combine word2vec/GloVe Vectors
with multilingual lexical data from Wiktionary
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 Coffee is to Starbucks
as ... is to Lipton?

System: Tea

Source vectors: GLOVE



  

What we should be able to getWhat we should be able to get
in the futurein the future

What we should be able to getWhat we should be able to get
in the futurein the future

What is this
all about?

This is about the US budget debt ceiling,
which needs to be extended. Republican
Senate majority leader Mitch McConell

would like to...

Image: Microsoft Cortana

Huffington Post



  

Summary

Knowledge Integration and 
Organization
► MENTA taxonomy
► Lexvo.org Linked Data

Natural Language Coupling
► Universal WordNet
► FrameBase.org                           

Multimodal and 
Cognitive Knowledge
► Knowlywood
► WebChild

More Information:

www.demelo.org
gdm@demelo.org

More Information:
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