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REVFI o AR 3 08 A B A Al 2 X BRI, AT R AUE A e . AT AR A
FHBHERHATHFEMNLEE-—NFEFERNARFA, CEXANTRARFZFNEEX
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PHEARREEZNBHEEEMEANEL, fln, A—FIFLEEF “IRFINTH,
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ZEw, WRATREIARREX AN AXRKRLECH TR G ERRE, 4% —
NER, ERFRERRRGINAAGZ S R4 THMRE, REHA—SHEAETINEY
N T ERAEGFHERHA P ERR A (ERA, AHE),
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%Y 245 hungry...i need a salad...... four
(11.50%) more days to the BEYONCE CONCERT...
HAT 187 I need a vacation really bad. I need
(8.78%) a trip to Disneyland!
B2WVEHE 159 this makes me want to be a lawyer RT
(7.46%) @someuser new favorite line from an ...
T fn AR 4% 251 mhmmm, i wannna a new phoneeee.
(11.78%) ... 1 have to go to the hospital.
HHFED 321 on my way to go swimming with the twoon
(15.07%) @someuser; i love her so muchhhhh!
HiE 436 I’m so happy that I get to take a
(20.47%) shower with myself. :D
E R 531 So sad that Ronaldo will be leaving
(24.92%) these shores...http://URL
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fE[1,2] %, Zhao FAREER A ORI FRA AFRBIFHID KH#ATF & EE,
TERERBRA PR AT EHANBEEGELEE L B4, NATTHHRKSTEREF
BRAFPEMABEGE; AE, NAEREANIEF ¥ FaxnRe (B LRFTNBH
FaErEf) NEEER. X ERTALR, FUCKR P M & RorE A F 8 R
B, AT URFHATEMEF T ETRERAE, 7UERE TSI FHE
(Learning to Rank) ZEHMEEN R E. ¥FIHFHEEZEFINE S T - L 5N
(query) #ie RF BB AR X XX &, HFHEXAEXHAEN TN EHNHEAEEZCLLES 7,
REEME - B (RF RHER) SMONARENR L. R ) B &, &%
—ANEW, FReBE—AMRESHNETFI R, RFREE R XE 2 K& RAATH T
REE, BEHEHORL, TURFIHFOTENAR T REEFTS L.

2. ETREAGXRT¥INREN &

R, REHERGHEEET SRR, BHEASEAETED. AHEART
B (enbedding models) B P JA%E B AABGE =, FIA%EEAMELTHAH X
AT, $ARETEAEEHETLBRER, BRBEREANEASESEZE Y. 25
CEEARERRMEA L ANE (REFRBEREL) HEAXET, FEREHTENE
NRETEETF— A, ST U E A5 2 I B L

4] %, Zhao % A doc2vec A K F ot > fl P faly iy F 7| FER =, R
BEAEERETHENBEEEREY, FINNHRANXFLET] UE—ERE FR#HEFERR,
EL7]H, FARETIER AR RTHEME (POD) ¥, EEAEEREZE— i
BAENFHERBEE, TRTEERAF . $hik. FAAME. XF . B, REEEHEE,
BAR A, KRR W E AR B E R @f@gi&%ﬁ13/‘7f%#ﬁ%g‘zl’r(itemkontext)iﬁ%"%ﬁ:?’-'?
15 BB 4 1F B % Pr(context|item), 2 #F item A7 context 24 A& A4 & LUK H X b o
=GR, Abk— " x#EFARELAHETZRELE (context) . EFHARNKSEE F,
LSRN RAFE T DL AT £ fF 44 (& FF max pooling. average pooling %) ,
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Wb, Zhao % A IAE LT W4k AR RN 3 (network embedding) 89 77 i 5k
T aExH. AAERREEA P Sa Rz EBYEENTE, #—FE MRS
ThH (Flw, —AMEAFPET AR, #MAUZEAE LN —%3 (AP 5~ R0 54
MEEEHTE) , IEEERAET AR LS EHENENTER A, TUAENACH
B %N R EA,

3. ETRFFIRENEEYE

EREEEGET, AFPTANNE—NMNERNFY . Lht, TE@RINAET A
AERTFIWRE, RE—MEENFIEETE, AFAIAX—FTEF, FEBEENF
P AT, BTRAPATANEESS, TULENASERELESHFIEET . £
(9], Yang % A [ Bf 45 A& RNN R HE & F GRU £ & 5k 4 7 %] 8 A P 15 5 313 09 K G #AAT 4
R, BALLHIIE, £ “next location” HEHEEELFEET LK E. wEH 4 Fir,
o —ANRA PR FY], ETNT — AN AR, 4RI R A AT [F) 3 A T K A O 1
HRAW A RHEAF,

Short-term Context Representation modeled by RNN

Long-term Context Representation modeled by GRU
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GRMABE, FREAHERBL LT ABEM—ARE, ATTUZEFER
BITEH P IREAT A BN,

4. VI ZRMRE T E

EoRwEEEEEAN IR PR RS, — A% AWBEREZA P TEEH
FaflzE DAAER. MR THSFNRERR, RUWTAHELEELERT . Zhao ¥
AT ER AR RO EL TR B BERTRGT AN EES . £T -4 1.39 L5
X (BFEHESTFREL) WERTFREKEES, KAABR 1% (—AMRANTRET)
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mc BT EO T4 H XA mention BRI P IRR, 20%MA P AR ESTEU ERZ A
mention, FHRMEHHEREN —MAFHEE-WRELT, TEBAZAEL. #
TZE% Az B, Zhao % A" MR WHEIZ AMEIE (mention) FHKHHL K KR,
M a A EL KA G EZEENB IR, 2ITE-—XFRT HEH: N F8L
+. RELXL. FBREL. REFLAAE (A5 o LRTHEHARERTRETN RN —
MR P RE S RIT &R, Vang FAH SR MR EHTEA, EHTETEHAK
W & fr 5 Fom By - B 7 % .
Category | Example product adopter mentions

Children /IMz(kids) [fi/MZ(her kid) 74 JL(new-horn baby)
2 )L(baby) /ME 2z (little niece) /N7 (little nephew)

Young KTk (younger sister) Fi(cousin) Z21(pregnant woman)
female 7 i % (girlfriend) 187 (daughter-in-law) i (elder sister)
Old 4% (mother) Z 1% (mother) I (aunt) T (aunt)

female i £} (mother-in-law) SCEFE (mother-in-law)

Young % o (younger brother) =} 5} (elder brother) X5 (cousin)
male “HT(buddy) 53 (brothers) 5 A /7 (boyfriend)

OId male #“#(father) Z & (father) Flll(uncle) 5557 (grandfather)
i W (father-in-law) /2 7\ (father-in-law) 5 5 (uncle)
Colleagues | 2 7l(company) 7122 Z (office) i1 [.(employee)

5327 (branch) | H(factory) I° A(worker)
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EoRwERFEET - M RENRR, YR AFRZE RN, MELREARSF,
Bl— i &d e % sl &, o, iPhone FNAEREHF LK. Bl —&K APP
RESEHEPRA, —MHRABEFTERERA RN S MRALIM T2 TRA@LE, (2
R TT ko A B — My A AR G A B B K BR . Yao AU A G T AL A
APP B9 & MRABAT T REAF R, ZI (1) E— APP 8 £ A-pAdk 216 P 73
A RFERANEZSR; (2) B—NMAP X TE—A APP ¥ 2 MRAREIF L fEFE
RAMEZR. TLERIAMRATEU—HBSHUEERITERETE, Yao FARBET
— 0 T A R [ AR Sk R R AT IR T, FTLLZIE B — A APP Y 2 MR, BN T R
A [B] B B S R B DL RAE L APP Z [ B R Bk . REWRE — RAE B LT T — A APP BYET IR A AT
A BEIES BN, BET THEHRER. L—THEBFERN, ERZBEAT, FEU—M
AR RKRITEERR, FARAEZNARGF, Wa 2 X UEHN.
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